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Glohal Spatial Autocorrelation

Lesson objectives

Present background information for spatial
weighting schemes

Introduce Anselin’s (2006) method of using
Moran’s | as a regression coefficient

After this lesson you should be able to

Determine the appropriate spatial weighting
scheme for a given dataset

Calculate the global Moran’s | and evaluate its

significance

Notes
Hello and welcome to this lesson on a measure of the global spatial

auto-correlation, the I of Moran. An auto-correlation index allows to
quantify the regularity or the structure of a spatially distributed
phenomenon by taking into account the neighborhood of each of the
individuals which constitute the geodataset. We will see how to take this
neighborhood into account in order to develop spatial weighting
schemes. These diagrams are absolutely necessary to calculate an index
such as the I of Moran and at the same time to estimate the scope of the
spatial dependence. You will finally learn how to assess the significance
of this index. The aims of this lesson are to pass on the notions
necessary for the calculation of a spatial auto-correlation index. We will
present the information useful for the definition of spatial weighting
schemes and explain the I of Moran index, in particular its interpretation
as a regression coefficient which provides an intuitive and easy to
remember approach. After following our explanations, you should be
able to determine a spatial weighting mode that is adapted to the
analyzed datasets. And you should also be able to calculate the global I
of Moran as well as its significance for any punctual or surface
geodataset.

Summary

1. Discontinuous spatial phenomena
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Globhal Indicator of Spatial Autocorrelation

e Asingle index used to quantify the
spatial autocorrelation of an entire

study area

We present in this lesson the concepts required to calculate a global
auto-correlation indicator. It is in fact a unique index which
characterizes the spatial arrangement of the geographical units
according to the values of a given attribute and this on the whole of an
analyzed territory.

1m 55s

Notes

Summary

1.5. Spatial autocorrelation - Moran's I
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Globhal Indicator of Spatial Autocorrelation

e Asingle index used to quantify the
spatial autocorrelation of an entire

SDIRIAL study area
HROCESSES

QRBLICANIONE

e Join Count Statistics

There are several measurement methods: the Join Count Analysis which
is an enumeration statistic and has the particularity of being applicable

only to polygons.

Notes

Summary

2m 14s
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2m 22s

Globhal Indicator of Spatial Autocorrelation

A single index used to quantify the
spatial autocorrelation of an entire
study area
e Join Count Statistics
Z"f“w"“i”m“%mw Geary's C
Ripley’s K
Getis-Ord’'s G

Moran'’s |

The Analysis of Spatial Assaciation by Use of
Distance Statistics

dra, which
et 1 comsiderabie improvernents n the gaper:

Cetis s professor of geography ot San Diego State Unicersit. |. K. Ord s
he Davd B uxadq rml«u r of Business Administration in the depariment of
anagement sience and information systems af The Pemnsyloania State Untoérsi.

Geographical Analysi, Vo). 24, No. 3 (July 1992) © 1992 Ohia State University Press
Submitted 9/80. Revised version accepted 4/16:91,

Getis, A., Ord, J.K. (1992) The Analysis of Spatial Association by Use of Distance Statistics. Geographical Analysis, 24, 189-206.

Notes

And amongst the others, we find the C of Geary, the K of Ripley the G
of Getis-Ord and finally the I of Moran which is the most widespread
and which is the subject of this lesson.

Summary
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2m 44s

To quantify the spatial dependence and generate a global spatial auto-
correlation measure, it is necessary to take the neighborhood of each of
the geographical objects considered into account. Indeed the measure of
the global auto-correlation consists in comparing the behavior of an
object with the behavior of its neighbors and this on all the territory
studied. The key being to define this neighborhood according to
different possible criteria. Let's take for example this group of 54 points
which represents in this case the mass centers or the district centroids
for which we decide to define an neighborhood of 5km. The white circle
identifies the object 1 and the yellow circle defines a radius of 5km
around the latter. The neighborhood is defined here by this radius of 5
km. It then allows to compare the value of an attribute A of the object 1
with a statistic of this attribute A for the 17 objects highlighted in green
and situated in this neighborhood. This statistic can be the average as is
the case with the I of Moran. This operation is repeated so as to be able
to compare the attribute A of each object with the average attribute A of
its neighborhood, so 54 times here. There are several criteria on which
to base ourselves to define the neighborhood of a geographic object.
And we will use the GeoDa software interface here to illustrate the
implementation of these criteria.

Notes

Summary

1. Discontinuous spatial phenomena
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4m 12s

Weights File ID Variable ide v| [ AddiD variable...

Contiguity Weight

() Queen contiguity

| \O Rook contiguity Include lower orders

Precision threshold

Notes
The options available to define a criterion depend partly on the type of
object considered. When we want to define the neighborhood of
punctual objects, The most frequently used criteria are to be based either
on a distance or on a proximity criterion which consists of identifying
the K nearest neighbors. Regarding the first option, the distance or
radius used here is 5000 m and takes up the example used earlier. In this
case, the neighborhood is defined only on the basis of the distance
between the point and its neighbors and constitutes what is called a
fixed core. The distance D of 5000 m is called the bandwidth. In the
case of the nearest neighbors, here K is equal to 7, the neighborhood is
adjusted depending on the density of objects around the point. And we
then say that the associated function uses a variable core. The surface
objects or polygons allow in addition to play on the adjacency or
contiguity relations. There are 2 types of adjacency relations: the Queen
and Rook types that refer to the movements of pieces in a chess game.
The Queen type, so the queen moving in all directions, corresponds to a
neighborhood that includes all the polygons that touch the polygon of
interest, at least one pair of coordinates in common is required.

Summary
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https://mediaspace.epfl.ch/media/0_du0eiz6b?st=252

5m 37s

Weights File ID Variable ide [ Add 1D Variable...

Contiguity Weight

() Queen contiguity

() Rook contiguity

Precision threshold

i V j 7 47 7
/ / & ¢ - (215, 136) (256, 437)

D N =Y A

y coordinate

N

SRS
S

2 order of contiguity

X coordinate

Notes
The Rook type, so the rook that moves only North, South, East and

West, corresponds to a neighborhood that includes all the polygons that
have at least 1 common side with the polygon of interest. This type of
adjacency relation is mainly used in the case where geographic units are
orthogonal polygons like many counties in the United States for
example. There is also a parameter which is the order of contiguity.
Indeed, we can take into account the immediately contiguous neighbors
as is the case here in yellow around the polygon E which corresponds to
an order of contiguity 1, but we can also define a neighborhood which
rests on an order of contiguity 2, here designated by the green arrows,
that is to say to include the polygons which, depending on the Queen or
Rook type, are neighbors of the polygons of order 1. Finally, according
to the characteristics of the current analysis, it is possible to include or
not in the neighborhood the orders of contiguity of lower rank. The
fixed cores like the distance, the variable cores like the K nearest
neighbors are applicable to the polygons, but it is in this case the
geographical coordinates of the geometric center of gravity of the object
that are taken into account for the calculation. This is also the case when
working with linear objects.

Summary
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Spatial Weighting

Spatial weighting scheme
FIXED KERNEL — Bandwidth d
ADAPTIVE KERNEL  —— k nearest neighbours

Order of contiguity n

.Ecomvd _prec_Tk.gwt E3

mvd_prec ide
1895.70644

2031.24132
2062.65071
2365.33363
2474.90419
2533.84993
3041.12639

The neighborhood relations allow to determine the spatial weighting
scheme that we want to apply to a dataset. This weighting scheme will
be applied to create a file containing for each object the list of its
neighbors. This is the spatial weighting file. This is what we can read
when we edit this file. Here we take the example of the 54 districts used
previously. The first line is the header and contains 4 elements separated
by a space. The 0 that has no function in the current version of GeoDa,
54 which designates the number of polygons in the dataset, the file
name and the name of the unique identifier. The rest of the file lists the
neighbors of each polygon. In line 2, the number 1 designates the
polygon number 1 and the number 6 indicates that this polygon has 6
neighbors according to the indicated criterion and that it is the polygons
number 35 - 29 - 13 - 4 - 3 and 2 that are indicated in line 3. And so on,
at line 4, polygon 2 has 5 neighbors that are polygons 9 - 8 - 4 - 3 and 1.
With the criterion of the K nearest neighbors illustrated on the right,
after the header, the file contains the 7 nearest neighbors of polygon 1
with on the right the distance that separates the centroids and then from

7m 07s

line 9, the 7 nearest neighbors of polygon 2, and so on.

Notes

Summary

1.5. Spatial autocorrelation - Moran's 1
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neighbours (—w)

35,29,13,4,3,2 n 10291.14 10244.17
9,8,4,3,1 5 | 10166.64 10085.33
13,9,21,1,2 | 5 | 10484.71 10334.34

__ Covariance _ 1/CY ®;;(zi-2)(zj~z) _ nY(z;-2)(z;-Z)
Variance 1/nY(z;—2)? B CX(zi+2)?

Notes
The spatial auto-correlation is quantified by the calculation of a

correlation between the measurements geographically adjacent to a
measured phenomenon. With the I of Moran, we calculate the
correlation between the analyzed attribute of a geographical object and
the mean of this attribute calculated within the defined neighborhood.
We will therefore use the contiguity spatial weighting file described
earlier to calculate the mean of this attribute in the neighborhood of
each of the objects constituting the dataset. The variable Z that we use in
this example represents the monthly average of the sum of precipitations
expressed in tenths of a millimeter per district. This variable Z is the
third column of the table after the IDE identifier and the list of adjacent
polygons which allows to calculate the average of Z in the last column.
The neighbors listed in the second column allow to determine w, so the
weight attributed to the polygons in the calculation of the average of Z
in the neighborhood. In the case of the contiguity criterion, this weight
is 1 if a polygon is adjacent and O if it is not. The I of Moran auto-
correlation coefficient Is an extension of the Bravais-Pearson correlation
coefficient.

Summary

8m 41s
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' ,8,4,3,1 5 | 10166.64 10085.33
1392112 3218,8)21,1,2 10494.71 | 10334.34

51229

__ Covariance _ 1/CY ®;;(zi-2)(zj~z) _ nY(z;-2)(z;-Z)
Variance 1/nY(z;—2)2 € Y(z;-2)?

Where n: number of spatial units; C: number of neighbours; z;: variable value for unit ;
Z;. variable value for unit j; «;: weight of connection, 1 if adjacent, otherwise 0

Value of varies between +1 (positive net correlation) and -1 (negative net correlation); 0 indicates an absence of aufocorrelation, no
spatial dependence, or geographically neutral space

Notes

It expresses the importance of the difference in the values of a variable
between all the pairs of neighboring geographical objects. It is defined
as shown here in the formula by the ratio between the covariance of a
variable, in relation to the average of this variable and its variance on all
the studied area. It is a measure of the linear correlation between 2
variables, so Z and Z bar here, and produces a value between +1 and -1
where 1 means that there is a total positive correlation, 0 no correlation
and -1 negative or inverse total correlation.

9m 57s

Summary
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10m 35s

Moran’s | as a Regression Coefficient

ide > commune z ‘ z_barre

1 Bettens 1029114 102441741
2 Bournens 10166.64 10085.3390
3 Boussens 1049471 10399.5093
4 Daillens 9708.88 99040585
5 Lussery-Villars 964224  9583.5026
6 Mex (VD) 998316 9897.9559
7 Penthalaz 945812 9636.0535
8 Penthaz 9557.04| 9825.9107
9 Sullens 1037492 9924.5102
10 Vufflens-la-Ville 942100 9971.7072
11 Assens 1076334 10953.1723
12 Bercher 10413.63 106559440
13 Bioley-Orjulaz 1043268 10526.8663
14 Bottens 1170589 114044981
15 Bretigny-sur-Morrens 11519.39  11430.8364
16 Cugy (VD) 1190136 11436.0724 SEES
17 Dommartin 11519.02 11617.8423
18 Echallens 10583.54 108576636
19 Eclagnens 10281.59| 10325.2212
20 Essertines-sur-Yverdon 10406.37 10680.8931
21 Etagniéres 1073218 10760.8724
22|Fey 10626.72| 10719.9370
23 Froideville 1282119 12162.2771

In 1996, Luc Anselin proposed an interpretation of the I of Moran as a
regression coefficient. This interpretation allows to fully understand the
calculation of the I of Moran via the exploratory statistical tools
implemented in the GeoDa software. We will implement it by
calculating the I of Moran on the precipitation variable which
characterizes the 54 districts of our dataset. We will use the same
weighting scheme, so a variable core with a Queen contiguity order of
1. The I of Moran formula is equivalent to calculating the correlation
between the precipitation value for each district, it is the variable z in
the table, and the average of the precipitations for the neighbors of each
district, it is the variable z bar in the table.

Notes

Summary

1. Discontinuous spatial phenomena
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11m 23s

Moran’s | as a Regression Coefficient

ide > ‘ commune z z_barre

1 Bettens 1029114 102441741
2 Bournens 10166.64 10085.3390
3 Boussens 1049471 10399.5093
4 Daillens 9708.88  9904.0585
5 Lussery-Villars 964224  9583.5026
6 Mex (VD) 998316 9897.9559
7 Penthalaz 945812 96360535
8 Penthaz 9557.04  9825.9107
9 Sullens 10374921  9924.5102
10 Vufflens-la-Ville 942100  9971.7072
11 Assens 10763.34 109531723
12 Bercher 10413.63 106559440
13 Bioley-Orjulaz 1043268 10526.8663
14 Bottens 1170589 114044981
15 Bretigny-sur-Morrens 11519.39  11430.8364
16 Cugy (VD) 1190136 11436.0724 SEEN
17 Dommartin 11519.02 11617.8423
18 Echallens 10583.54 108576636
19 Eclagnens 10281.59| 10325.2212
20 Essertines-sur-Yverdon 1040637 10680.8931
21 Etagniéres 1073218 10760.8724

Moran's | 0.796458

22 Fey 10626.72) 10719.9970 8
23 Froideville 1282119 12162.2771

moyprec

By applying a regression of the independent variable Z on the dependent
variable Z bar the slope of the regression line is equal to the I of Moran.
By means of a bivariate scatter plot, this interpretation provides a means
of visualizing the linear relation between the studied variable and the
average value of this variable in its neighborhood. Here, the beta
parameter, so the slope, is equal to 0.79. The scatter plot of Moran
shows the same relation but on the centered and reduced values. This
high I of Moran shows that the precipitation values on the districts of
this territory resemble the average of their neighbors and that there is
therefore a spatial auto-correlation, that the precipitation variable used is

therefore spatially dependent.

Notes

Summary

1.5. Spatial autocorrelation - Moran's I
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Visualizing Spatial Structure

Natural Breaks: z

(] 19421:9983.16] (7)
D [10155.6:10484.7] (15)
- [10583.5:11283.7] (14)
- [11352.8:12060.6] (14)
- [12213.6:12821.2] (4)

This thematic map of the precipitation variable in 5 places highlights the
spatial structure revealed by the I of Moran. Indeed, the intensity of

precipitations declines progressively from East to West.

12m 12s

Summary

Notes
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Significance of Moran’s | and Random Permutations

Monte Carlo Casino

Notes

But is this spatial auto-correlation value statistically significant? Indeed,
to what extent is the spatial arrangement of the precipitation variable not

due to chance?

Summary

12m 34s
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12m 47s

Permutation Histogram and P-value

Randomization ] Randomization

permutations: 99 permutations: 999
pseudo p-value: 0.010000 pseudo p-value: 0.001000

- [N

107965 E[l]:-0.0189 mean: -0.0101 sd: 0.0926 z-value: 8.7063 1:0.7965 E[l]: -0.0189 mean: -0.0246 sd: 0.0883 z-value: 9.2941

Randomization 1 Randomization

permutations: 9999 permutations: 99999
pseudo p-value: 0.000100 pseudo p-value: 0.000010

1:0.7965 E[l): -0.0189 mean: -0.0195 sd: 0.0884 z-value: 9.2289 1:0.7965 E[l). -0.0189 mean: -0.0189 sd: 0.0888 2z-value: 9.1870

Notes
How does the situation observed, so the spatial structure revealed by the

I of Moran of 0.79, behave if we compare it, if not to all possible
configurations, in any case to a large part of them? By possible
configuration, we think about changing the values randomly, we have
used here a fictitious variable with values between 1 and 54 to illustrate
the method, between all the other possible locations in the analyzed
dataset. Each configuration corresponds to a random draw. And we
proceed to several thousand of permutations in the case of the Monte
Carlo method. with each draw, we calculate the I of Moran which we
compared with the I of Moran of the observed situation. After 999
prints, we have 999 configurations and as many I of Moran values to
compare with the observed situation, which allows to know if the latter
resembles the random configurations or if, on the contrary, it is clearly
different. The Geoda software will store the I of Moran corresponding to
all the random configurations generated and use them to construct a
histogram. On the basis of actual precipitation data per district, here is
the histogram generated on the basis of 99 prints, then 999, of 9,999 and
finally of 99,999 random draws out of a possible total of 54 factorials.

Summary
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14m 14s

Calculating Significance and Pseudo P-value

Randomization

permutations: 999
pseudo p-value: 0.001000

Null hypothesis

- [ s

1:0.7965 E[l]: -0.0189 mean: -0.0246 sd: 0.0883 z-value: 9.2941

Nb I‘rand 2 Iobs'l'l
Nb permutations+1

p-value =

Nb Lygng < Iops +1
T' —— e
¥ Nb permutations + 1

Here, p-value = ——— = 0,001
999+1

The higher the number of prints, the more normal the distribution
appears and the more the standard deviation and the mean are supposed
to approach their theoretical values. Let's now look in detail at the
histogram generated on the basis of 999 permutations. The random
distribution represents what can be called the neutral space. Around the
average, which is shown here and which is close to 0, the precipitation
values of the districts do not resemble the average of their neighbors.
And we see that the value of the I of Moran for the situation observed
here indicated by the yellow line, and this yellow line is not a histogram
bar, is clearly distinguished from the rest of the distribution. It is
therefore apparently significant. A non-significant value would appear
as here in green, for example, so in the middle of the neutral
distribution, where there is no spatial dependence. This significance is
translated numerically by a probability of rejecting the null hypothesis.
The p-value is a limit value of rejection of the null hypothesis. And the
null hypothesis here, is that the value observed is the fact of chance and

it resembles the other values generated by random permutation.

Notes

Summary

1.5. Spatial autocorrelation - Moran's 1
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15m 26s

Calculating Significance and Pseudo P-value

Ay

Randomization

permutations: 999
pseudo p-value: 0.001000

Null hypothesis

i [Lirin

1:0.7965 E[l]: -0.0189 mean: -0.0246 sd: 0.0883 z-value: 9.2941

Nb I-rand 2 Iobs'l'l
Nb permutations+1

p-value =

Nb Lgng < Ipps +1 AMoran’s | of 0.79 corresponds to a spatial

oy ——
Nb permutations + 1

Here, p-value = 21 = 0.001
999+1

The lower the p-value, the weaker the risk of making a mistake by
rejecting this null hypothesis, so, the higher the observed value is
significantly different from a random distribution. This p-value, is the
ratio between the randomly generated number of I of Moran which are
larger or equal than the observed I of Moran plus 1 and the total number
of random permutations plus 1. As the I of Moran can also be negative,
the determination of the p-value will in this case be based on the number
of randomly generated I of Moran which are smaller or equal than the
observed I of Moran. We speak in the case of this test of pseudo p-value
because the threshold of significance depends on the number of
permutations. In the present case, we can conclude that the analyzed
precipitation variable is spatially or globally significantly auto-
correlated.

structure that is significantly different from one that
is randomly distributed

Notes

Summary

1. Discontinuous spatial phenomena
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We will see now how to generate a spatial weighting file, to calculate
the global I of Moran and to evaluate its significance with GeoDa. First,
we need to open a file in shape format which contains the polygons of
the districts and their attributes including our precipitation variable.
Next, we have to create the spatial weighting file by clicking on the
create weights button. And in the corresponding dialogue box, we must
first select an unique identifier, here IDE, then select the desired
weighting scheme, so a Queen contiguity criterion of 1. After clicking
the create button, we have to choose where to store this weighting file
and give it a name to identify it. Then we will inspect the connectivity.
We will use the connectivity histogram button which allows us to
inspect the connectivity histogram, so to give us an indication of the
frequency of polygons having the number of neighbors indicated in the
X axis. Thus, it is possible to highlight the best connected district here
or the seven least connected districts which are located in the edges of
the zone. Let's now take a look in the weighting file.

1.5. Spatial autocorrelation - Moran's 1

Number of Neighbors

19 of 21
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omvd_prec_ql): z

able Map Explore T

P ,_ ii"'MoransI|ccnchJrec;d‘\‘:
I R wi¥ OB @% .

Methods Opt

Moran's | 0.796458

wd_pr “ - A =
2=t Randomization =
_prec
permutations: 9999 Done
pseudo p-value: 0.000100 )
N
i
g
™
1 _(f’
—
g’
{ 1:0.7965 E[I]: -0.0189 mean: -0.0195 sd: 0.0894 z-value: 9.1274
o | | s 6 7 s 9
‘ Number of Neighbors
Notes

So this weighting file, we can open it with a text editor and we find the
structure presented earlier with the header on the first line then the
description of the neighborhood of the polygon 1 which has 6
neighbors, then the polygon 2, which counts 5, and the polygon 3,
which also counts 5, and so on. We will now start calculating the I of
Moran. We must select the variable of interest to begin with and it is Z
which refers to the monthly precipitation. The scatter plot of Moran is
generated immediately since we had already generated the weighting
file earlier and it was loaded. It shows us the cloud of centered and
reduced values and above an I of Moran of 0.79. Then, it is quickly
possible to test the significance by right-clicking on the scatter plot and
by clicking on randomization. And we will generate 9,999 random
spatial configurations. The corresponding histogram shows us here a
very small p-value which means that we are unlikely to be wrong by
rejecting the null hypothesis, and that the spatial structure observed and
characterized by an I of Moran of 0.79 is significantly different from a
random spatial distribution.

Summary

18m 01s
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19m 29s

comvd_prec [Te]
(54) &% Scatter Plot - x: , y: 7_barre =|O.

N
o

T T T T T

23

R"2 consta std-erra t-stata p-valuea slopeb sid-errb t-statb p-valueb Number of Nelghbors

0.9 0 0.0434 0 1 0949 00438 217 0
0 0 0 0 0 0 0 0 0
09 0 0.0434 0 1 0943 00438 217 0

11.1%, #sel: 0, sd from mean: -0.419

Chow test for selunsel regression subsets: can't compute

Notes

Each time we click the run button, we regenerate a series of 9,999
random permutations with different statistics. But we realize that the
pseudo p-value remains very small. Finally, we will calculate the I of
Moran again, but according to Luc Anselin's interpretation, so to
construct a linear regression between the precipitation variable Z on the
X axis and the weighted precipitation variable Z bar on the Y axis. And
we note that indeed the beta coefficient which gives the slope of the
regression line is equal to 0.79 and that by standardizing the two
distributions of precipitation expressed in tenth of millimeters of water,
we reach the scatter plot of Moran obtained directly earlier.

Summary

1.5. Spatial autocorrelation - Moran's 1 21 of 21
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